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Lorem ipsum dolor sit amet, consectetuer adipiscing elit. Maecenas
porttitor congue massa. Fusce posuere, magna sed pulvinar
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Background of topic selection
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Significance of topic selection
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Significance of topic selection
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Significance of topic selection
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class LDLayer(torch.nn.Module):
def init (self, num rules=3):

super(). init ()

self.num rules =num rules

self.rule weights = nn.Parameter(torch.ones(num rules))

# RAR SR B

self.positive_words = {">%#5", "#F", "S18", "#pL", "AE", "TX"}
self.contrast_words = {"{B", "{B&", "#Amn", "A~iZL", "&", "SI 2"}

def forward(self, input _ids, hidden_state):

batch size = input_ids.size(0)
text list = [self. decode(ids) for ids in input ids]
# R 10 AMELRE) S5 RN S
rulel = torch.tensor([1 if re.search(r'(\?{2,}|!{2,})', text) else O for text in text list])
# MM 2: 4e7[doge]sk[ —RT]FR1E
rule2 = torch.tensor([1 if any(emoji in text for emoji in ['[doge]', [ —R&]']) else 0
for text in text list])
# H 3 BEEEREEITE (I XFF! BEAHR)
rule3 =]
for text in text list:
flag=0
# LECART: B2 + frm (FIE) + #%iriE
pattern = r'({})\W*({})'".format('|'join(self.positive words),

''.join(self.contrast words))

if re.search(pattern, text):
flag=1
rule3.append(flag)

rule3 = torch.tensor(rule3)
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Significance of topic selection
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Significance of topic selection

BT feliaEa@EEie (SCCT) |
g MR BZEIRBIZIZH LB HIE. BE
XTSRRI A = ERATRIR Y,

S AET :
MMEMLRsSE TR, FIEREE

R SR -
“MEEL=MERIRE" :
FMENH ., BEERE A
HiTRIRE:
L%'Jfﬁﬁkﬁ’éﬂ: "FIEHIR" NaRARE

diinl

SIESRALIR, 1Rk

K8 “YRITEHE-EHIREL- RIS SR HRRA LY

"ERL-S5 AR TBRAESR

W B HseEE RIS RE 55 B Ak S b
R L8 518 LT B
BHRBARE ik,
WK AR OEBER I
AAREFEAER L B, RATIEIRIB KA
FRZSMREFA TS FINRELE, RARCEN SRk
PR W, AREGEER (G RRARRELBMMA
“80 J5 90 JE B IAK  BUEEAME: HIEEA N EEN
B HARBEECE, [FIRTEE TR
2R
" SRR SRR R R
g;éﬂﬁ? Ef{g BRIEN: AT B 5
AT SR 1R A S u«ét@?ﬂ EMOE, RANSERNRE
e BAPEEEE. < T I 47 R fit
R 4 Tk 7
N O BERR. R
/7 FRI AN =R N
BREBIAE tééﬁi%m@iélﬂ%l\?ﬁ%%%
e m) @2 )
SRR RS O R SARAERS S (s
ERESTHR M B SRR AR L TR B

JHEEB)

A TR




LOGO HERE

L FATp =]

Overview Of Research Ideas
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